INTRODUCTION
Nowadays, online shopping has become an essential instrument for communication between businesses and consumers worldwide. The development of online shopping in the world has attracted more and more consumers purchasing online. Online shopping has become a popular shopping style (Bourlakis et al., 2008) .
According to Internet World Stats (2019) report, there were 4.2 billion internet users in 2018, and the majority of them were from Asian countries. The Asian region has 49 percent of the total number of Internet users. China ranks first among Asian countries in the number of Internet users. National Bureau of Statistics of China reported that the national online retail sales totalled $1.33 trillion (just over 9.00 trillion yuan) in 2018 and increased by 23.9 percent as compared with 2017. In the structure of the total retail sales of physical consumer goods, online sales reached up to 18.4 percent (National Bureau of Statistics of China, 2019). Thus, online shopping has become a vital concern for traditional retail stores in certain product areas.
In spite of the growth of online shopping and e-commerce infrastructure, this development has created new problems and challenges in the online market. In an online environment, online shopping is regarded as a risky activity (Almousa, 2011) . Purchase intention is affected by the perceived risk, which can be a reason for customers not to purchase online and it is essential that a business take into account the perceived risk (Kim et al., 2008) . Scientists have proved that perceived risk plays a vital role while doing online shopping, because in such circumstances consumers feel unsafe about their purchase decisions (Bhatnagar & Ghose, 2004; Jiuan Tan, 1999) . According to Forsythe and Shi (2003) , the analysis of perceived risk in online shopping is a necessary step to understand the nature and types of perceived risk, that influence a consumer purchase intention.
Customer experience is often considered one of the most crucial issues for businesses (Verhoef et al. 2009 ). Furthermore, online customer experience affects the perceptions customers and their positive intentions to purchase online (Zhou et al., 2007; Kuhlmeier & Knight, 2005) . Thus, it's important to investigate customers' online experiences and their role in purchase intentions.
There is a need to understand better and predict consumers' online purchase intentions to consider significant implications for marketers to formulate innovative business strategies. There have been intensive studies of online purchase intention in recent years. Most of them have tried to identify the factors, related to online purchase intentions (Khaniwale, 2015; Akbariyeh et al., 2015; Gerber et al., 2014) . However, in China, only a few studies have been undertaken on the variables associated with online purchase intentions Gan & Wang, 2017) . Therefore, this study contributes to the literature by comprehensively exploring the main factors influencing purchase intentions during online shopping. Finally, the purpose of this study is to: (1) analyze online customer experiences, and three dimensions of perceived risk associated with purchase intentions online, (2) examine the influence of online customer experiences on perceived risks. This research creates a conceptual framework that demonstrates the relationship between the variables. Based on the research data, perceived risk dimensions, which have a significant impact on purchase intentions, are proposed. This study used a partial least squares (PLS) method to analyze data from a sample of 303 users who made purchases with Jing Dong. Although this study has some limitations since only the data from the e-commerce site Jing Dong has been used, the results have important practical implications not only for e-commerce but decision makers as well. From a theoretical point of view, the results of this study contribute to our understanding of the significant effect of online customer experiences, perceived risks on the purchase intentions.
THEORETICAL FRAMEWORK AND HYPOTHESES

The Concept of Consumer Purchase Intention
At present consumer purchase intention is one of the most popular research areas in marketing. Managers usually use consumer purchase intention to predict the sales of existing or new products. Purchase intention data can help marketers to make decisions and develop promotional strategies. Close and Kukar-Kinney (2010) state that online purchase intention emerged from purchase intention. Meskaran et al. (2013) argue that online purchase intention as the customers' preparedness to purchase in the online platform. Purchase intention is the components of consumer cognitive behavior, which describes a specific intention to buy a specific product (Ling et al., 2010) . According to Pavlou (2003) , online purchase intention takes place when a customer is willing and intends to become involved in an online transaction. Consumer purchase intention on the Internet defines the strength to conduct purchasing behavior online (Salisbury et al., 2001 ). Purchase intention is usually connected with consumer behavior, perceptions, and attitudes and can be a successful instrument to predict the buying process (Akbariyeh et al., 2015) . The prediction of the buying process depends on the influencing factors that make this process complicated in different situations.
The Concept of Perceived Risk
Perceived risk is a much discussed topic in literature and the research focuses on its long-term influence on businesses. Perceived risk can be measured in terms of the magnitude of the negative consequences and the estimated probability of these consequences to follow a specific action or behavior. If the consequences of the action or behavior are serious and likely to occur, people tend to avoid that behavior (Peter & Tarpey, 1975) . Perceived risk in online shopping is defined as the consumer's cognition about possible uncertain negative outcomes resulting from an online purchase (Kim et al., 2008) . Ashoer and Said (2016) affirm that a higher risk forces the customers to obtain more information, so it will greatly influence the customer's purchase intention, and in many cases, the customer refuses to purchase this product. Kim et al. (2008) argue that perceived risks could be a reason for customers not to purchase online and that is why it is crucial for e-commerce companies to consider these risks. Thus, perceived risk has become one of the most important and strong concepts in explaining customer's behavior.
The six components of perceived risk associated with shopping are identified as following: physical, social, product, convenience, financial, and psychological risks (Peter & Tarpey, 1975) . According to Bhatnagar et al. (2000) on the Internet, there are three main types of risk: financial risk, product risk, and information risk (security and privacy). Durmus et al. (2017) state that product and financial risks exert strong and negative influence on consumers' purchase intentions as compared with other types of risk. Besides, another study proves that privacy risk becomes a serious problem among online consumers (Drennan et al., 2006) . This research focuses on product risk, financial risk, and privacy risk and their effect on purchase intentions.
Scientists describe product risk as the probability of failing to meet the performance requirements (Peter & Tarpey, 1975) . Product risk is viewed as the most significant reason not to purchase online. For example, product risk can easily decrease the consumer's confidence and intention during online shopping. When the order and delivered product do not match with consumer expectations, the consumer will consider the product incapable of satisfying their needs (Kamalul Affirin et al., 2018) . Product risk is especially highly expected when a consumer buys some product online and is unable to examine it physically and test its characteristics online (Alreck & Settle, 2002) . Bhatnagar et al. (2000) indicate that risks related to product unreliability are likely to have a negative impact on online purchase intention -at least for some products. Bhatnagar and Ghose (2004) state that product risk influences shoppers' online purchase intentions significantly. The above discussion puts forward the following hypothesis:
H1: Product risk is negatively related to the customer online purchase intention.
Financial risk is considered as the probability of losing money from a purchase (Horton, 1984; Sweeney et al., 1999) . There are various reasons why online customers can suffer a financial loss during shopping online. Firstly, it is difficult for customers to determine the product price that they purchase from an online retailer and compare it with other suppliers. Secondly, financial losses can arise from credit card fraud, which is a common financial problem among online shoppers. Besides, buyers do not consider buying products online, which includes additional costs, such as shipping (Dai et al., 2014) . In general, consumers regard financial risk as a negative factor associated with online shopping, which could forecast consumers' online intentions. The high level of financial risk decreases the purchase frequency and consumer activity in the online platforms (Forsythe et al., 2006) . Thus, based on the findings of several studies, H2 is proposed: H2: Financial risk has a negative effect on online purchase intention. Garbarino and Strahilevitz (2004) recognize privacy risk as the probability of personal information being stolen during online transactions. Privacy concern is one of the basic barriers for consumers to be involved in electronic commerce (e-commerce) transactions, which require them to issue personal information: date of birth, identification number, telephone number, and credit card information. Thus, privacy concern is regarded as the main threat to e-commerce and the digital economy (Gurung & Raja, 2016) . Mekovec and Hutinski (2012) identify the following reasons to investigate users' privacy risk: (1) the ease of collecting and searching information about anybody, due to technology impact on privacy, (2) every individuals' activity in the digital world exists in persistence, (3) the lack of privacy protection and great possibility of users' privacy invasion. Nowadays, consumers have problems concerning the flow of personal information between consumers and online platforms, and how their personal information is supervised by online shopping platforms (Hong & Thong, 2013) . Chapell (2005) evaluates online behavior in the USA and discovers that more than 69 percent of consumers restrict themselves
The Concept of Online Customer Experience
A lot of studies emphasize the significant role of the customer experience in online shopping. Johnston and Kong (2011) identify the importance of online customer experience for companies because it affects customer satisfaction. Grewal et al. (2009) state that to compete effectively in today's competitive and dynamic environment, retailers must focus on online customer experience. Moreover, customer experience is complex and contains cognitive, social, affective and physical elements (Verhoef et al., 2009 ). According to Michaud-Trevinal and Stender (2012) , experience means testing, trying and referring to experiments and knowledge that are based on sensory experience and opposite to pure and a priori knowledge. Experience differs from behavior, which is a visible part of the experience (what is seen from the outside) and differs from the situation itself. A variety of word combinations for online experience exist in the literature, such as ''online customer experience'' (Rose et al., 2012) , ''website experience'' (Kim et al., 2009) , and ''online purchase experience'' (Holloway et al., 2005) . Rose et al. (2012) define the online customer experience as a psychological state manifested as a subjective response to the website. The customer is involved in the cognitive and effective process of incoming information from the online platform, and the outcome creates an impression in memory.
As to experience, scientists have shown that it affects consumers' perceptions and intentions positively to purchase online (Zhou et al., 2007; Kuhlmeier & Knight, 2005) . Individually, higher experience leads to increased satisfaction with online shopping and increased numbers of completed purchases. Shim and Drake (1990) argue that customers with a strong desire to purchase goods online have a prior online experience that helps them to decrease uncertainties. Thus, customers will only buy a product online if they have experience to purchase it. Liang and Huang (1998) have found that customers with great experience are likely to continue shopping. They also state that customers who have prior online purchase experience will purchase through online than those who lack such experience. In addition, Seckler (2000) proves that a first-time small purchase can give customer experience with the online platform, later they develop confidence and ability to be more ambitious during online shopping.
Moreover, Festervand et al. (1986) investigate that previous experience through the online channel is not positively connected with perceived risks identified with future shopping in that channel. His study claims that online experience causes a reduction in perceived risks during an online purchase. Kuhlmeier and Knight (2005) and Doolin et al. (2005) argue that risks associated with online shopping decrease as online customer experiences increase. However, many consumers are still extremely concerned about risk perceptions related to online shopping (Gerber et al., 2014) . Thus, it is essential to examine the impact of experience on perceived risk that affects online shopping intention. This leads to the following hypotheses:
H4:
Online customer experience is negatively related to product risk.
H5:
Online customer experience is negatively related to financial risk.
H6:
Online customer experience has a negative effect on privacy risk.
H7: Online customer experience positively influences online purchase intention.
According to Miles and Huberman (1994) , a conceptual framework explains the crucial issues graphically or narratively and the main factors, constructs or variables, and the presumed interactions from online shopping because of privacy risk related to personal information. Based on this discussion, H3 is sugested
H3: Privacy risk has a negative impact on shoppers' purchase intention.
between them. The conceptual framework presented in this paper includes some variables which aim to determine the connection and effects of these attitudes on online purchase intention. In this study, the conceptional framework was developed to analyze the effect of the online customer experience on online purchase intention both directly and indirectly through the risk perceptions. Each type of risk (product, privacy and financial) influences purchase intention individually.
FIGURE 1 CONCEPTUAL FRAMEWORK
The proposed research model (see Figure 1) has the following five constructs: online customer experience, product risk, privacy risk, financial risk, and online purchase intention. The concept of online customer experience was used from Rose et al. (2012) . The concept of product risk was adopted from Peter and Tarpey (1975) , and privacy risk was taken from Garbarino and Strahilevitz (2004) . The idea of financial risk was derived from Horton (1984) and Sweeney et al. (1999) . Based on Pavlov (2003) , the concept of online purchase intention was successfully adopted.
RESEARCH METHODOLOGY
Questionnaire Design
The questionnaire was conducted to test the research model and hypotheses based on survey data collected from Jing Dong, one of the largest e-commerce sites in China. According to the conceptual framework, the questionnaire was divided into two parts. The first part included demographic variables (ethnicity, age, and education), which were measured by scale. The second part included measures of the variables, which were identified in the literature review section: online customer experience, three types of risk and online purchase intention. The questionnaire has a five-point Likert-type scale system, one means "strongly disagrees" and five means "strongly agree." The measured variables of the survey questionnaire in this research were adopted from different sources of literature. Research Content JD is China's largest e-commerce website and one of the world's top 10 most visited sites. JD was launched in January 1998. In 2014 JD.com was listed on New York's NASDAQ stock exchange. The company sells and distributes to consumers different kinds of products: electronics and software, clothes, health care and pharmaceutical products, sports equipment, food. JD cooperates with manufacturers and distribution companies across China and connects with consumers through the website, www.jd.com. The company has all available products for both men and women (Reuters, 2019) . The company competes with huge e-commerce retailers like Alibaba Group, Amazon China, Walmart. The questionnaire was targeted only at those with previous experience in shopping on JD.com. The questionnaire forms with obvious errors were deleted from the survey.
Procedures
Pretest
Before the actual survey was tested, a pre-test, using a convenience sample of 30 students from Huazhong University of Science and Technology had been conducted to examine the legibility and accuracy of the items in the questionnaire procedure. Pre-test also gave the evidence for the validity and reliability of the data survey. The pre-test was held in the School of Management by filling a questionnaire form. Participation in the study was entirely voluntary. All questions in the pre-test procedure were put in English. After the questionnaire was completed, every participant reported how much time was required to complete the survey. Generally 10 minutes was enough to finish the pre-test. At the end of the survey procedure, the questions were asked to understand respondents' feedback concerning the items of the questionnaire, the level of sufficiency and accuracy of the questionnaire. These recommendations were used in the modification of the survey items. For example, to measure participants' expenditure in JD.com, respondents were asked about the amount of money spent in JD online market during the past 12 months. The majority of respondents mentioned answer 4 (more than 500 RMB). Developing a more detailed measure scale was necessary. The measurement scale was modified by adding answer 4 (500-1000 RMB) and answer 5 (more than 1000 RMB). It would be sufficient to have five categories of answer for the final survey version. The final survey was adjusted and published based on the results of the pre-test and respondents' recommendations.
Actual Survey
The actual survey was developed to collect data for examining the research hypotheses. The questionnaire was targeted at participants who previously purchased online and were familiar with JD.com platform. Those people without shopping experience in JD.com were excluded from the survey. Respondents were assured of the confidentiality and voluntary aspects of participating in the survey. The survey was conducted in two ways. The first part included answering the questionnaire in various places (universities, public areas) where respondents could return their survey answers immediately. The second part was aimed at conducting an online survey. Many scholars have reported that using the online survey approach in the context of online shopping was the most efficient and acceptable data collection method (Chen & Barnes, 2007; . The survey was published via social media and answers were collected with a response rate of about 85 percent. Some different methods were used for attracting respondents. The questionnaires were distributed among 366 participants, and 311 questionnaires were collected. Only eight sets of questionnaires were not completed by respondents. The reason can be explained by the unwillingness to participate in the research survey. The uncompleted questionnaires were eliminated from the actual survey to guarantee a high quality of data.
Descriptive statistics indicated that among the 303 respondents, 39.3 % were females and 60.7 % were males. The majority (74.2 %) were aged between 20 and 30 years old, 21.8 % were above 30 years old and only 4 % were below 20 years old. Table 2 presents the characteristics of the respondents that were used in the empirical analysis. According to the descriptive statistics respondents were divided into two major groups, those who were students (59.7 %), and those who worked in the companies (34.7 %), only 1.3 % of respondents were unemployed. The majority of the respondents were Asian (79.2 %), Caucasian (10.2 %), Hispanic (2.6 %), African-American (2 %). Furthermore, other ethnicities among respondents run up to 5.9 %. The education level was as follows: 5.3% were from high school diploma or below; 31.4% hold bachelor's degree; 41.3 % were masters, and 22.1 % had a doctoral degree. Table 3 illustrates the experience of the respondents in online shopping. The majority of respondents (78.2 %) considered themselves to be advanced online users. Descriptive statistics presented upperintermediate users as 17.8 % and participants with less experience (4%). Some of the respondents (44.2 %) reported that they were at the intermediate level of the online shopping experience, while the rest were at beginner (31.4 %) and expert (24.4 %) levels respectively. As shown in Table 3 , most of the respondents (42.9 %) made purchases one to five times per year, followed by never in a year (17.5 %), six to ten times per year (16.8 %), several times per month (14.2 %), and the rest were one time per month (8.6 %). Moreover, the respondents actively spent their money during online shopping. The respondents (29 %) stated that they had spent more 1000 RMB in the online market, while 24.1 % of the respondents had spent more than 201-500 RMB. The rest (18.8 %) paid 501-1000 RMB, 10.9 % of the espondents spent 101-200 RMB, and only 17.2 % of the respondents spent less than 100 RMB.
ANALYSIS AND FINDINGS
Reliability and Validity Tests
After the collection of the questionnaires, the results of the statistical software SPSS 23 and SmartPLS 3.0 were used to analyze the data. SPSS 23 tool helped with the data analysis, while Partial Least Squares (PLS) analysis was used to test the research hypotheses. The SmartPLS algorithm allowed examining simultaneously the structural components of the model and measuring the contribution to the composite score of the latent variable. (Chin et al., 2003; Henseler et al., 2009) .
The reliability of the conceptual model was measured by Cronbach's alpha (see Table 4 ). Cronbach's alpha reflected the constructs stability and consistent. The construct α value should exceed 0.7 to show good reliability level (Cho & Kim, 2014) . Critical Ratio (CR) and average variance extracted (AVE) were used to evaluate convergent validity. It is acceptable if CR exceeds 0.7 and AVE is greater than 0.5 (Chin, 1998; Hair et al., 2006) . Table 4 indicates that CR constructs' values are above 0.7, and AVE values are greater than 0.5.
Furthermore, to examine the conceptual model, it was also necessary to measure discriminant validity. The discriminant validity showed how special or well defined is a measure, calculated by the cross loading of all indicator items in connection with their respective latent variables. Result showed that Cronbach's alpha for online customer experience was 0.719, for privacy risk was 0.733, for product risk was 0.785, for financial risk was 0.781, for online purchase intention was 0.85 and the Alpha Cronbach of the questionnaire was 0.778. The results of the Cronbach's alpha are presented in Table 4 , verifying the good reliability of the measurement model. To demonstrate discriminant validity, the square root of each construct's AVE should be higher than the correlation of the construct with other latent variables (Fornell & Larcker, 1981) . The results are also presented in Table 4 , showed the good discriminant validity of the measurement model.
Hypotheses Tests
The hypothesized relationships between constructs were tested. The significance of each path was assessed based on a bootstrap resampling procedure with 500 resamples. The analysis results are presented in Table 5 . Product risk had a negative effect on online purchase intention. Therefore, hypothesis 1 was supported. Financial risk and privacy were found to have no significant relationships with purchase intention. Thus, H2 and H3 were not supported.
Online customer experience was firmly associated with product risk. Customer experience was negatively related to product risk. Therefore, H4 was supported. Online customer experience had a strong negative effect on financial risk and privacy risk. Hence, H5 and H6 were supported. Finally, online customer experience was positively related to online purchase intention. Thus, H7 was supported. Note: ***p < .001, **p < .01, *p < 0.05, n.s.: not significant
FIGURE 2 THE STRUCTURAL MODEL TESTS
DISCUSSION AND CONCLUSION
This study investigates how online customer experience and perceived risk affect online purchase intentions, and examines the influence of online customer experience on perceived risk. Theoretical research model consists of perceived risk dimensions (product, financial, privacy), online customer experience and purchase intentions. The measurement model analysis showed that the validity and reliability of all constructs fulfilled the requirements. Based on the findings of the research, the connection between purchase intentions and online shopping experience had the strongest relationship. The high impact of customer experience on online purchase intentions was proved by the previous studies (Zhou et al., 2007; Kuhlmeier & Knight, 2005) . The results also indicated that privacy and financial risk had no significant effect on purchase intentions. The results are consistent with the previous studies (Dai et al., 2014; Beneke et al., 2012) . At the same time, product risk had a negative impact on purchase intentions. The findings of product risk are aligned with the previous research that product risk has a negative impact on online purchase intentions (Kamalul Affirin et al., 2018) . Based on the model tests, online customer experience had a significant and negative impact on perceived risk. This result is in line with previous research findings (Kuhlmeier & Knight, 2005; Doolin et al., 2005) .
The findings of the present study have crucial insights and managerial implications. It provides marketers and retailers with important strategies in the online shopping environment. According to the demographic analysis, the majority of respondents were Chinese students with a Master's degree. They had considerable Internet experience and preferred to buy electronics online. Marketers can conclude that respondents were not sensitive to privacy and financial risks.
Meanwhile, it is interesting to note that privacy and financial risks do not significantly affect customer purchase intentions in e-commerce. Online experience positively influences online purchase intentions and reduces the negative effect on purchase intentions. Nevertheless, product risk still has a strong unfavorable impact on online purchase intention. Online retailers should focus their attention and effort on this group of consumers to reduce their product risk perception and modify online purchase preferences. For this purpose, retailers minimize the perceived product risks, particularly in their efforts to provide more information about products. Nowadays the limited number of products are still represented on the Internet, online consumers cannot obtain all the necessary goods, which they could find at the real market. Reliable information can ensure consumers about product quality and availability.
By focusing on this target group, online retailers may attract more customers to visit online stores and ultimately increase sales volumes. Next, to increase online purchasing, online stores should make the buying process online much simpler and more convenient. The good design and clear interface could motivate consumers to purchase online, thereby increasing their online experience.
The present study findings provide opportunities for future research studies. First, this study only examines three dimensions of perceived risk and online experience, eliminates the generalization of the results. Future studies should take into account a wider range of factors in the context of online purchase intentions. Second, future research studies could examine the gender roles in online purchase intentions. Nowadays, little is known about the moderating role of gender in the relationship between online experience, perceived risk, and purchase intention. Third, data collection was only taken from Jing Dong, one of the largest e-commerce sites in China. Although Jing Dong is very popular among young people, there are different online platforms in China for data collection. Thus, future research should include other shopping sites to improve data validity.
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